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Abstract

The Performance Diagnostic Checklist for Human Services (PDC-HS; Carr et al., 2013) is a 

functional assessment tool used in the field of organizational behavior management to assess 

reasons for employee performance problems and inform intervention development. Two 

methodological limitations related to the intervention-selection process inhibit the overall 

objectivity and utility of the tool. Proposed refinements to address these limitations include (a) 

identifying a cut-off score to objectively identify the categories requiring intervention based on 

the PDC-HS outcome, and (b) developing a decision-making model to identify a single category 

that should be the focus of intervention. A between-groups design was used to evaluate the 

degree to which access to these proposed refinements resulted in appropriate intervention 

selections when practitioners in the field were presented with scenarios derived from published 

case studies. Binary logistic regressions indicated that practitioners with refinement access were 

4.97 times more likely to select the most appropriate category for intervention, relative to those 

who did not have access to the refinements (p < .001, 95% OR CI [2.38,10.41]). Secondary 

analyses indicated variables such as certification level and experience in organizational behavior 

management did not significantly influence the selection of an appropriate category for 

intervention. Overall, practitioners rated the refinements as generally easy to use and feasible. 

Implications of these findings suggest that future applications of the PDC-HS in practice may 

benefit from the supplemented refinements.
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Evaluating Procedural Refinements to the Performance Diagnostic Checklist for Human

Services

Applied behavior analysis (ABA) is a natural science committed to understanding and 

improving socially significant behaviors (Cooper et al., 2020). The field of ABA emphasizes 

targeting behaviors of social importance, experimentally identifying environmental variables 

influencing behavior, and implementing empirically supported behavior-change procedures 

(Baer et al., 1968). 

Practitioners working in the field of ABA apply principles of behavior change in their 

practices to produce a socially meaningful impact on other’s lives. These principles have been 

applied in a variety of contexts, and across a variety of socially significant behaviors including, 

but not limited to, reducing physical harm (e.g., aggression toward others or self; Derby et al., 

1996; Luiselli et al., 2000), and addiction (e.g., gambling; Johnson & Dixon, 2009; Guercio et 

al., 2012), teaching adaptive skills (e.g., self-care; Kroeger & Sorensen, 2010; Rayner, 2011), 

and increasing environmentally sustainable behaviors (e.g., recycling; Fritz et al., 2017; Keller, 

1991). Behavioral principles are also applied to change the behaviors of employees in 

occupational settings. This application is referred to as Organizational Behavior Management 

(OBM).

Organizational Behavior Management 

The field of OBM involves applying procedures from operant and respondent 

conditioning to socially significant organizational behaviors (Wilder et al., 2009). There is a 

robust literature base supporting the application of ABA principles to improve workplace 

performance, in both the business (e.g., petroleum, mining; Fox et al., 1987; Myers et al., 2010) 
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and human-services sector (e.g., hospitals, residential facilities; Gil & Carter, 2016; Hays & 

Romani, 2020). 

Organizational Behavior Management and The Human Services Field

Human service organizations provide supports and services to a diverse clientele and 

include settings such as residential centres for individuals with developmental disabilities, school

settings, nursing homes, childcare centres, community group homes, and psychiatric centres 

(Reid & Parsons, 2000). OBM procedures have been used in human services organizations since 

as early as the 1950s. For example, Ayllon and Michaels (1959) demonstrated one of ABA’s first

applications to organizational settings. In their study, nurses in a mental-health facility were 

required to conduct direct observation (i.e., observing the target behavior in its natural setting), 

collect data (i.e., measuring occurrences of maladaptive behavior), and administer intervention 

components to their patients (e.g., by delivering or withholding reinforcement). The authors did 

not explicitly describe the procedures used to train the nurses, but this study demonstrates one of 

the earliest examples of human service employees (i.e., nurses) as mediators. 

Panyan and colleagues (1970) also targeted nurses as mediators in a state-run institution 

for individuals with developmental disabilities. During baseline, nurses were provided in-class 

training, which included instructions regarding the implementation of training procedures to help

their patients learn a variety of daily living skills (e.g., toileting, handwashing). Nurses were 

encouraged to conduct regular training sessions with their patients and keep documented records 

of each patient receiving training. The intervention phase involved a feedback system with 

clearly displayed data on which nurses were consistently conducting the training sessions and 

appropriately documenting their patient information. The unit psychologist reviewed and posted 

the feedback sheet in a conspicuous place on the unit weekly. The results indicated that the 
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weekly delivery and posting of feedback sheets increased the percentage of training sessions the 

nurses engaged in with their patients, relative to baseline levels. These articles represent some of 

the earliest reported applications of ABA in human-services settings, and further demonstrated 

how employee behaviors can be changed through the implementation of behavioral strategies. 

The use of OBM-based strategies in human service settings has grown considerably. 

Gravina and colleagues (2018) conducted a literature review of published articles from three 

prominent behavior-analytic journals (i.e., the Journal of Organizational Behavior Management 

[JOBM], the Journal of Applied Behavior Analysis [JABA], and Behavior Analysis in Practice 

[BAP]) from 1990 to 2016 to determine the prevalence of OBM interventions used in human 

services setting. Inclusion criteria for the literature review involved articles that (a) targeted staff 

or supervisor behavior, (b) occurred in an applied setting (i.e., not a simulated or office setting), 

and (c) served individuals with developmental disabilities or other special needs. They found that

4.5% of all JOBM articles, 2.1% of all JABA articles, and 2.8% of all BAP articles met their 

inclusion criteria. Further, a cumulative graph displayed by Gravina, and colleagues (2018) 

demonstrated a steady increasing trend of OBM research conducted in human-services settings 

over the period observed.

Gravina and colleagues (2018) also provided insight into the most common performance 

problems encountered in the human services setting. Common areas included: treatment integrity

of behavior interventions (e.g., implementing programs accurately), administration of tasks and 

staff management (e.g., improving managerial performance and enhance staff training), safety 

procedures (e.g., decreasing physical harm to clients or others), as well as engagement and job 

satisfaction (e.g., assessing and measuring interaction and engagement between staff and their 

clients, or staff and their job description).
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Performance problems related to any of the aforementioned areas could have severe 

negative implications for an organization. For example, Fiske (2008) reported that poor treatment

integrity can significantly hinder client or patient outcomes. Further, insufficient managerial or 

administrative processes may also hinder the maintenance and generalization of behavioral 

interventions (Gravina et al., 2018). Performance problems that exist related to upkeep and 

maintenance of the organization’s environment can contribute to accidents and injuries (Ng et 

al., 2019). Some targeted employee behaviors related to safety in the human services literature 

have included room tidiness and environmental saliency (Ng et al., 2019; Smith & Wilder, 

2018), proper techniques for working with clients with physical limitations (e.g., ambulation; 

Nabeyama & Sturmey, 2010), and appropriate use of personal protective equipment (Casella et 

al., 2010). Job satisfaction may also have indirect safety implications. For example, therapists 

who experience “emotional exhaustion” may be more likely to experience burnout, resulting in 

an inability to identify risk situations at their place of work (Jennett et al., 2003). 

In summary, within the human services setting, several areas related to employee 

performance may require improvement, and failure to address these performance problems can 

have severe implications for both the employees and their clients. Addressing an employee 

performance problem involves identifying and defining the problem, assessing, and measuring 

the antecedent and consequent events that are contributing to the problem, and developing an 

intervention informed by the assessment findings (Wilder et al., 2009). Over the years, 

researchers have implemented intervention strategies intended to improve employee performance

problems in the workplace (Gil & Carter, 2016; Langeland et al., 1998). 
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Organizational Behavior Management Interventions

Some of the earliest OBM interventions involved the implementation of singular 

strategies, such as graphed feedback (Sturmey, 1998). However, as the field of OBM progressed,

interventions transformed into more complex intervention packages, targeting a larger breadth of

employee performance issues, with a larger emphasis on social validated behavior changes 

(Sturmey, 1998). Collectively, the field of OBM has demonstrated efficacious outcomes when 

intervening on performance problems in the human services settings (Reid & Parsons, 2000). 

Interventions applied within OBM can be described as either antecedent- or consequence-based 

(Wilder et al., 2009). An antecedent intervention is a procedure implemented before the 

employee is expected to engage in the target skill, with the expectation that the strategy itself 

will increase the likelihood of the target skill being demonstrated accurately (Reid & Parsons, 

2000). Examples of antecedent strategies include task clarification, equipment modification, goal

setting, prompting, and training (Wilder et al., 2009). A consequence intervention is a procedure 

implemented after the employee engages in the target skill, such as a supervisor providing verbal

or written feedback following an employee’s demonstration of a workplace skill. 

The terms “training” or “multifaceted intervention” are often used in the literature to 

describe the culmination of more than one antecedent strategy, more than one consequence 

strategy, or a combination of the two simultaneously to improve employee performance (Reid & 

Parsons, 2000). Such training packages often include verbal and written instructions, 

performance modeling, employee practice opportunities, and supervisor feedback. For example, 

Langeland and colleagues (1998) sought to increase rates and timeliness of critical job behaviors 

at a group home serving individuals with developmental disabilities (e.g., filing Medicaid 

updates, completing timesheets, completing travel vouchers, reading attendance forms). The 
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authors implemented an intervention package consisting of task clarification (e.g., interviews to 

clarify job descriptions), goal setting (e.g., related to the category of concern; direct services, 

administration and management, as well as record keeping), in-service training (e.g., teaching 

participants about the performance tasks and expectations), verbal feedback (e.g., supervisors 

provided verbal and goal directed feedback weekly), praise (e.g., for meeting objectives and 

demonstrating improvements), and self-monitoring (e.g., participants were required to monitor 

and record their behavior related to the targeted performance problem). Results indicated that the

intervention package occasioned improved performance levels and accountability from 

employees. The outcome of Langeland and colleagues study demonstrates the positive impact 

OBM interventions can have on employee performance.

Gil and Carter (2016) also effectively implemented OBM strategies in human services 

settings. They implemented graphic feedback combined with goal setting to improve employee 

data collection procedures in a large residential facility providing services to residents with 

intellectual disabilities. Their findings indicated that the intervention package effectively 

improved data collection procedures across 200 direct care staff. 

Until recently, the implementation of training interventions for employees in 

organizational settings has seldom considered the existing environmental contingencies 

impacting the employee’s behavior (Reid et al., 2011). This has changed since Austin (2000) and

Carr and colleagues (2013) developed functional assessment measures used to inform function-

based interventions applicable to workplace performances. Although there are a variety of 

effective intervention options in the field of OBM, determining which intervention to implement 

may be influenced by the information gathered through these assessments.
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Functional Assessment Procedures in Organizational Behavior Management

It is considered best practice to implement function-based interventions, which are 

informed by functional assessments (Austin et al., 1999). Basing OBM interventions on 

functional assessments has the potential benefits of (a) a more efficient intervention (Reid & 

Parsons, 2000), (b) more rapid effects relative to an intervention chosen without consideration of 

the function (Austin et al., 1999), (c) an intervention that is less intrusive or costly (Austin et al., 

1999), and (d) reduced prevalence of imprecise procedural descriptions (Austin, 2000).

Functional assessment can be divided into three categories: indirect, descriptive, and 

experimental. Indirect assessments, also known as an informant assessment, involves gathering 

information from an individual (e.g., a workplace supervisor) who has observed the performance 

problem or otherwise has knowledge regarding the specific employee and context. The indirect 

assessment seeks to gather information related to the environmental events that might be 

impacting the performance problem (Austin et al., 1999). Indirect assessments may take the form

of an interview, questionnaire, or rating scale. Austin and colleagues describe indirect 

assessments as timely, simple, and useful in contexts where extended analyses cannot be 

completed. Descriptive assessments involve direct observation of the performance problem in the

workplace setting to detect potential environmental variables correlated with the performance 

problem (Austin et al., 1999). Finally, experimental analyses involve direct and purposeful 

manipulation of workplace variables to observe their effects on the employee’s behavior (Austin 

et al., 1999). Experimental analyses are considered the most appropriate measure of determining 

variables impacting behavior, but they are seldom used in the field of OBM.

To inform the development of precise and objective functional assessment measures, 

Austin (1996) sought to identify and analyze the types of questions OBM practitioners asked 
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supervisors within their indirect assessments. Austin recruited 20 management consultants and 

managers and presented them with hypothetical performance problems and conducted indirect 

assessments. Experimenters acted as a supervisor in a workplace setting and provided a 

predetermined amount of information about each performance problem during the interaction. 

The participants were asked to mirror their in-situ processes for the interviews (i.e., interact with 

the experimenter as they would with a supervisor in an organization they are consulting at). 

Next, participants were required to share their question-asking and decision-making processes 

and recommendations with the experimenters. Results suggested that the participants who 

provided the best performance solutions to the hypothetical performance problems most often 

asked questions related to the (1) antecedents of the performance problem, (2) equipment and 

processes involved in completing the task, knowledge of the task, (3) skills required to execute 

the task, and (4) consequences that followed the employee performance problem (Austin, 2000). 

The results from Austin’s investigation prompted the development of the indirect functional-

assessment method known as the Performance Diagnostic Checklist (PDC; Austin, 2000).

The Performance Diagnostic Checklist

The PDC is an empirically validated indirect assessment that is highly regarded for its 

simplicity and efficiency (Cruz et al., 2019; Wilder et al., 2020). The PDC is an informant-based 

interview tool consisting of several dichotomous (i.e., yes, or no) questions related to the four 

primary performance problem areas identified by Austin (1996). The questions are designed to 

identify potential variables contributing to inadequate, inefficient, or inaccurate employee 

performance and the answers are designed to guide the practitioner’s development of a formal 

intervention (Wilder et al., 2020). 
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The PDC has been implemented in a variety of settings (e.g., restaurants, coffee shops, 

department stores; Austin et al., 2005; Eikenhout & Austin, 2005; Pampino et al., 2004; 

Rodriguez et al., 2006), and across a variety of socially significant workplace behaviors (e.g., job

responsibility tasks, customer service, maintenance) with favorable outcomes (Wilder et al., 

2020). For example, Rodriguez and colleagues (2006) implemented the PDC to assess variables 

impacting employee stamp-offering at two restaurant locations. The intervention package was 

derived from the PDC and included task clarification, self-monitoring, goal setting, equipment 

modification, and graphic feedback. The PDC-based intervention resulted in desired increases in 

employee stamp-offering behaviors, which added support to the literature about the benefits of 

function-based intervention selections.

Similarly, Eikenhout and Austin (2005) implemented the PDC to assess variables 

impacting a variety of employee customer service behaviors (e.g., customer greetings, helping, 

and smiling). The intervention was also derived from the PDC and included two separate 

conditions: the first was the implementation of graphic feedback alone, and the other was an 

intervention package consisting of goal setting, feedback, and reinforcement. Both PDC-based 

interventions resulted in desired increases across all targeted behaviors. 

One limitation of the PDC is that it was designed for assessing the behavior of employees

in management positions or with employees in private businesses; representing a limitation of 

the PDC because there are organizations outside of the private sector with performance 

problems, including human-service settings. Performance problems in the human services sector 

are distinct from those in a private, or business setting, because of the emphasis on providing 

direct, often personal, and ongoing care to individuals of varying ages, abilities, and diagnoses. 

Human services settings differ from a private or business setting where the provision of services 
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tends to be indirect, short-term, and less physically intrusive. To address this limitation, Carr, 

and colleagues (2013) developed the Performance Diagnostic Checklist for Human Services 

(PDC-HS; Appendix A) often used in hospitals, group homes, and clinic settings (PDC-HS; Carr 

et al., 2013)

The Performance Diagnostic Checklist for Human Services

In developing the PDC-HS, Carr and colleagues (2013) adapted and modified the original

PDC in several ways. For example, the original PDC did not ask explicitly about training 

received with regards to the performance problem, but the PDC-HS included an entire “training” 

section, which asks questions about how training was conducted, demonstration of the skill 

following training, and generalization of the skill in-situ. Further, the original PDC did not ask 

about other employees within the organization, but the adapted PDC-HS included questions 

specifically related to the number of trained employees, and whether other employees at the 

organization impact the performance problem in any way. 

The PDC-HS contains 20 questions organized into four categories. The first category is 

“training,” which gathers information on any teaching provided for performance task, and 

fluency levels of the task (e.g., can the employee explain the skill and model the skill?). The 

second category is “task clarification and prompting”, which collects information about the 

employee’s perceived clarity of the task, and its expectations (e.g., when to engage in the skill 

and how often), and what, if any, environmental stimuli are in place to remind the employee to 

engage in the skill. The third category is “resources, materials, and processes”, which identifies if

other employees or stimuli are involved or required to engage in the desired skill, as well 

accessibility of these. The final category is “performance consequences, effort, and competition” 
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which seeks to evaluate the outcomes experienced for engaging or not engaging in the target 

skill, as well as performance monitoring systems that may or may not be in place. 

The PDC-HS is designed to be implemented by a behavior analyst with a human service 

level supervisor. Carr and colleagues (2013) added seven direct observation questions related to 

the performance problem. Any question answered negatively (i.e., the supervisor indicates a 

“no”) could be considered as a potential opportunity for intervention (Carr et al., 2013). 

However, oftentimes supervisors intend to intervene on only the area’s most consistently 

negatively rated (i.e., areas with more “no” responses). Further, within the assessment tool, the 

authors provided empirically supported sample intervention options for improving employee 

performance. 

The PDC-HS is the most administered and referenced version of the PDC in the 

literature. There are currently at least 14 published articles describing the application and 

implementation of the PDC-HS (i.e., relative to only two published articles involving the PDC-

Safety, and one published article involving the PDC-Parent). Of these 14 articles, eight involve 

the direct implementation of the PDC-HS to address an employee-related problem (Bowe & 

Sellers, 2018; Carr et al., 2013; Ditzian et al., 2015; Hays & Romani, 2020; Melendez et al., 

2020; Merritt et al., 2019; Smith & Wilder, 2018; Wilder et al., 2018), two are graduate student 

dissertations/theses involving the direct implementation of the PDC-HS to address an employee-

related problem (Gahman, 2019; Hess & Sellers, 2019), and four articles are reviews and 

analyses of the psychometric properties of the PDC-HS including validity, reliability, and 

accuracy of the PDC-HS as an indirect assessment tool (Carr & Wilder, 2016; Cymbal et al., 

2020; Wilder et al., 2019; Wilder et al., 2020). 
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Applications of the Performance Diagnostic Checklist for Human Services

The PDC-HS has been implemented across a variety of employee performance issues 

including (1) inaccurate implementation of discrete trial training in children with autism 

spectrum disorder (e.g., error correction; Bowe & Sellers, 2018; Wilder et al., 2018 ), (2) 

accurate implementation of verbal operant training with children with autism spectrum disorder 

(e.g., mand, tact; Melendez et al., 2020; Wilder et al., 2018), and (3) improving safety and 

productivity in clinic-based settings (i.e., tardiness, hand hygiene, cleanliness, door closing; Carr 

et al., 2013; Ditzian et al., 2015; Hays & Romani, 2020; Hess et al., 2019; Merritt et al., 2019; 

Smith & Wilder, 2018). The PDC-HS has been administered in several human-services settings 

including hospitals, schools, autism centres, a client home, a thrift store, and a library. 

Psychometric Properties of the Performance Diagnostic Checklist for Human Services

Researchers have evaluated the psychometric properties of the PDC-HS including its 

accuracy, validity, and reliability (Carr & Wilder, 2016; Cymbal et al., 2020; Wilder et al., 2019;

Wilder et al., 2020). Specifically, face, internal, and external validity have been evaluated. Face 

validity refers to the extent to which the tool assesses what it intends to assess. Face validity is 

demonstrated by showing that the desired performance occurs when the indicated intervention is 

implemented and not when the nonindicated intervention is implemented. Researchers have 

evaluated face validity of the PDC-HS by comparing the implementation of an indicated 

intervention (i.e., an intervention informed by the PDC-HS), and a nonindicated intervention 

(i.e., an intervention not informed by the PDC-HS; Carr et al., 2013; Ditzian et al., 2015, Bowe 

& Sellers, 2018). In all published articles comparing indicated to nonindicated interventions, the 

indicated interventions demonstrate the most immediate and most consistent behavior change 

relative to the nonindicated interventions. The interventions informed by highly indicated PDC-
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HS categories more reliably produce improvements in employee performance, relative to 

interventions informed by PDC-HS categories that are less highly indicated. Therefore, the 

preliminary literature indicates that the PDC-HS has a high degree of face validity. Moreover, 

internal validity refers to the extent to which the tools outcomes can be confidently attributed to 

the tool itself, and no other factors. One way to demonstrate internal validity, is to show that a 

tool is implemented as intended and produces the most appropriate outcome. Wilder and 

colleagues (2019) assessed internal validity by providing participants with three hypothetical 

performance problems via pre-recorded videos and measuring the extent to which the 

participants accurately identified the categories contributing to the performance problem. The 

experimenters reported that all participants accurately arrived at the indicated category for each 

video vignette when the PDC-HS was used, demonstrating high internal validity outcomes. 

Cymbal and colleagues (2020) sought to further evaluate the psychometric properties of 

the PDC-HS by examining its external validity. External validity refers to the extent to which the

conclusions or findings of a study can be applied in other contexts. Cymbal and colleagues 

replicated the methods used by Wilder and colleagues (2019), except for the type of performance

problem chosen for the vignettes. Cymbal and colleagues developed three vignettes that 

simulated a real-world performance problem (i.e., execution of discrete trial training), compared 

to the contrived performance problem used by Wilder and colleagues. The vignettes varied in 

complexity because the information provided about the performance problem suggested but did 

not explicitly identify the category(ies) of concern. The first vignette indicated one category of 

concern, the second vignette indicated two categories of concern, and the third vignette indicated

three categories of concern. The order of presentation of each vignette was randomized across 

participants. Internal validity was measured by the extent to which participants accurately 
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identified the indicated category(ies) for each vignette, and accurately scored the PDC-HS (i.e., 

scoring accuracy within each category). The latter measure refers to the consistency with which 

the information provided in the vignette aligned with the responses the participant recorded on 

the PDC-HS. Cymbal and colleagues reported an average of 86% accurate category 

identifications across all vignettes. On average, participants answered the “training” questions 

83.85% accurately, the “task clarification and prompting” questions 91.75% accurately, the 

“resources, materials, and processes” questions 79.39% accurately, and the “performance 

consequences, effort, and competition” questions 89.11% accurately. Overall, Cymbal and 

colleagues conclude that these findings imply practitioners can accurately identify the 

category(ies) of concern, and appropriately score the PDC-HS across increasingly complex 

vignettes, and accuracy persists under more realistic performance problem vignettes. Overall, the

published literature indicates that the PDC-HS is consistently considered a valid assessment tool.

Interrater reliability and test-retest reliability of the PDC-HS have also been assessed 

(Cymbal et al., 2020; Wilder er al., 2019). Interrater reliability refers to the consistency with 

which multiple respondents complete the tool and arrive at similar outcomes whereas test-retest 

reliability refers to the consistency with which a single respondent arrives at similar outcomes 

when completing the tool at separate times. Wilder and colleagues assessed both types of 

reliability by having multiple participants watch video recordings of a simulated performance 

problem at two separate time periods (i.e., several participants re-implemented and scored the 

PDC-HS again after two to four weeks). Results indicated that both reliability measures were 

high, with an overall interrater reliability of 95.6% and test-retest reliability of 97.2%. Cymbal 

and colleagues reported similar outcomes, with an average interrater-reliability score of almost 

80% and an average test-re-test reliability score of 83%. 
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Limitations of the Performance Diagnostic Checklist for Human Services

The intervention-selection process within the PDC-HS involves comparing the negativity 

scores yielded for each of the four categories and selecting for intervention the category that 

yields the most negative scores (i.e., recall this is the category in which the respondents answered

“No” to the most questions during the interview). For example, Smith and Wilder (2018) 

administered the PDC-HS to identify the variables contributing a performance problem related to

pricing items at a thrift store that employed individuals with disabilities. The assessment 

outcomes demonstrated that the “training” category received the highest negativity score relative 

to the other categories. The authors proceeded to select an intervention strategy from this 

“training” category, and this ultimately produced improved employee performance (i.e., the 

training intervention consisted of instruction, modeling, and feedback, and results indicated 

employee performance improved). Although this is the most cited intervention-selection process,

it may not be the most objective or pragmatic option. For example, training interventions are 

often resource-intensive and may not be feasible for every organization. Further, the negativity 

scores produced do not always distinctly show one category superseding the others, and as such 

this method of intervention-selection is not always a realistic option. More specifically, there are 

two prominent methodological limitations apparent with the PDC-HS, both relating to this 

intervention-selection process. 

The first limitation is that a threshold level (or cut-off score) has not been identified to 

determine when a category should be considered problematic or in need of intervention. The 

levels of negativity score in which practitioners intervene has varied greatly from study to study. 

For example, Merritt and colleagues (2019) considered negativity scores as low as 8% 

concerning enough to intervene. This is because the negativity scores that corresponded with the 
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categories addressed in the intervention ranged from 8% to 70%. Further, Merritt and colleagues 

(2019) intervention involved implementation of strategies from the (a) “task clarification and 

prompting”, (b) “resources, materials and processes”, and (c) “performance consequence, effort, 

and competition” categories, to improve employee tardiness. The findings ultimately 

demonstrated that the intervention was effective in improving the performance problem. This 

contrasts with a study conducted by Carr and colleagues (2013) where negativity scores of over 

60% were considered concerning enough to intervene. Further, Melendez and colleagues (2020) 

considered negativity scores ranging from 50% to 75% as concerning enough for intervention, 

and Bowe and Sellers (2018) considered only scores of 100% negativity concerning enough for 

intervention. The differences in negativity scores that authors perceive as concerning varies 

greatly from study to study. This disparity also impacts the number of strategies implemented 

because some practitioners choose to only implement a strategy from the category with the 

highest negative score, while others opt to implement strategies from more than one category. 

The inconsistency in how categories are selected for intervention is prevalent across the 

PDC-HS literature. The variability of negativity scores with which practitioners are deciding to 

intervene poses a few concerns. First, variability may suggest that extraneous variables are 

influencing practitioner intervention decision-making, relative to the assessment scores alone. 

Some of the published literature implies that, in addition to the PDC-HS scores, practitioners are 

designing interventions based on organizational preference (Bowe & Sellers, 2018; Gahman et 

al., 2019), specifically related to the categories that contain strategies that can be “reasonably” 

implemented by the mediators and sustained over time. Other category selection influences 

include outcomes of previously implemented interventions (Hays & Romani, 2020), and the 

learning history and abilities of the recipient of the intervention (Hess, 2019). For example, Hess 
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(2019) opted to implement a strategy from the “task clarification and prompting” category, 

instead of a strategy selected from “performance consequences, effort, and competition” 

category (i.e., both categories had the same negativity score) because preliminary qualitative 

information gathered during the PDC-HS assessment suggested to the practitioners that the latter 

strategy would not be beneficial for the recipient of the intervention. It is important to consider 

the organization, and overall feasibility of an intervention. However, the absence of a formal cut-

off score has resulted in some ambiguity with regards to exactly what level of negativity is 

considered concerning. This ambiguity appears to have convoluted the process practitioners 

pursue when making intervention decisions. Variability in negativity scores, and the category 

selection process may also compromise the ability for others to effectively replicate and validate 

real-world studies where the PDC-HS tool is implemented. 

Additionally, the absence of a unanimous cut-off score may impact practitioners’ overall 

acceptability of and satisfaction with the tool. For example, because the PDC-HS does not 

currently have a solution to address outcomes where multiple categories have high negativity 

responses, or more than one category has a similar negativity response, it is possible that 

practitioners will devalue the usefulness of the tool if they encounter such an outcome. That is, 

the social validity of the PDC-HS may be diminished if practitioners find the outcomes difficult 

to interpret.

While Cymbal and colleagues (2020) report that completion of the PDC-HS remains 

accurate across complexity levels, some other preliminary research has indicated that more 

complex performance problems, and performance problems impacted by multiple categories, 

may result in less accurate completion of the PDC-HS (Wilder et al., 2019). If this latter point 

endures, this further emphasizes the need for more refined intervention-selection procedures, 
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such as a cut-off score. Overall, the omission of a unanimous cut-off score may perpetuate the 

variability of negativity scores observed in relation to the categories selected for intervention. 

This variability hinders the objectivity of the PDC-HS, as it inadvertently encourages 

practitioners to consult other factors in the development of an intervention. Further, 

consideration of variables that deviate from those identified in the PDC-HS impacts the 

methodology and replicability of studies.

Another limitation of the PDC-HS related to intervention-selection involves the common 

practices used to determine which category to intervene on when multiple categories are 

considered problematic and require intervention. Several practitioners have responded to the 

outcome of multiple categories having high negativity responses by implementing intervention 

strategies from each of those categories (i.e., an intervention package; Carr et al., 2013; Hays & 

Romani, 2020, Merritt et al., 2019). Best-practice guidelines suggest changing only one 

environmental variable at a time when intervening on socially significant behavior (Cooper et al.,

2020). The implementation of an intervention package, as is commonly done following 

administration of the PDC-HS, does not adhere to this recommendation. The implementation of 

an intervention package may not be the most efficient use of resources, because it often requires 

more time and effort relative to the implementation of single intervention strategies (Reid et al., 

2011). Further, if multiple intervention components are implemented simultaneously, a 

practitioner cannot confidently attribute behavior change to a specific independent variable. 

Some authors have explicitly identified this as a limitation of the PDC-HS. For example, Carr 

and colleagues (2013) implemented a package intervention consisting of strategies from both the 

“training” and “performance consequences, effort, and competition” categories. The intervention

package resulted in improvements of the performance problem, however the authors noted that it
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was impossible to identify the extent to which either intervention component contributed to the 

outcome. 

Alternatively, when intervention packages are implemented, additional analyses can be 

conducted to identify which component contributes to changes in employee behavior (e.g., 

component analyses, parametric analyses). This latter option may not be feasible in 

organizational settings because the resources involved in conducting these analyses might be 

beyond the organization’s capabilities. Therefore, component analyses and parametric analyses 

likely have low social validity in workplace environments. Several published articles have 

emphasized the need for a formalized method that would assist practitioners in objectively 

determining which category to intervene upon when multiple categories are indicated (Carr et al.,

2013; Wilder et al., 2018; Wilder et al., 2020). 

To reduce reliance on package interventions, practitioners administering the PDC-HS 

need to critically consider the categories that have some indication of concern (i.e., some 

negativity responses), and identify the singular category that is most predominantly contributing 

to the performance problem. It is possible that when multiple categories have high negativity 

responses, the category with the highest negativity response represents the area that should be 

addressed first, however, this may not always be the case. There are considerations to make with 

regards to the complexity and topography of the performance problem, and these considerations 

should impact the selection of the most appropriate category for intervention. For example, the 

literature suggests that complex performance problems may be best addressed through a 

“training” intervention (Ng et al., 2019), whereas less complex performance problems may be 

better addressed through “task clarification and prompting.” Analysis of these types of 

considerations may reveal that the category most imminently impacting the performance 
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problem is not necessarily the category with the highest negativity score. With the overall goal of

reducing reliance on intervention packages, practitioners may benefit from a model or system 

that guides decision making related to identifying the most important category to intervene on 

across varying category combinations. The absence of an objective and comprehensive decision-

making model (DMM) leads practitioners to make somewhat arbitrary and subjective decisions 

to determine the most appropriate intervention, especially when multiple categories warrant 

some level of concern. Alternatively, the absence of a decision-making model may increase the 

likelihood that practitioners will implement a package intervention. 

Addressing the aforementioned barriers of the PDC-HS requires enhancing the 

objectivity and saliency of the intervention-selection process. This might be accomplished 

through the development of a cut-off score, which will provide practitioners with a quantitative 

indicator of concern across category outcomes. This might also be accomplished through the 

development of a formal decision-making model, to use when more than one category meets the 

cut-off score. Together, these proposed refinements have the potential to improve the overall 

utility of the PDC-HS.

Refinements of the Performance Diagnostic Checklist for Human Services 

To improve the PDC-HS, refinements to the scoring threshold and intervention selection 

are warranted. As indicated, in the absence of a cut-off score, interpretation of the problematic 

categories within the PDC-HS is subjective and identifying the category in most need of 

intervention is unclear. Further, without formal methodological procedures designed to address 

these ambiguities, the variability with which practitioners administer the PDC-HS increases (i.e., 

administer and analyze outcomes), ultimately hindering the precision of the tool, which could 

affect accurate replication. There are several PDC-HS outcomes that can contribute to this 
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ambiguity, including a situation where there are relatively low negativity responses across all 

categories, or high negativity responses across two or more categories. The addition of a cut-off 

score will mediate the concern regarding when (i.e., at which negativity score) a category should 

be considered for intervention. 

If multiple categories meet the cut-off score, a procedure for identifying a single category

for intervention is warranted. As mentioned, there is currently no system for identifying which 

category is most important to address when more than one is identified as problematic. Recall 

that this is most typically addressed through the implementation of an intervention package, 

however this option may involve excess use of organizational resources. A potential solution to 

this is to implement a strategy from only one category at a time, with the potential for successive 

interventions to be implemented if warranted (Carr et al., 2013; Hodges et al., 2020). 

Implementing only one intervention category at a time can have the potential to save valuable 

employee and supervisor time and resources. Further, multiple studies have demonstrated the 

potential for effective outcomes as a result of a single-component intervention even when 

multiple categories represent some number of negative responses (i.e., some “No’s” in other 

categories; Bowe & Sellers, 2018; Ditzian et al., 2015; Melendez et al., 2020; Smith & Wilder, 

2018). Therefore, it is possible that interventions derived from singular categories can have the 

desired impacts on employee performance problems, even when other categories represent some 

level of concern. Such procedures will critically consider the endorsed categories, and how each 

is impacting the performance problem. 

A review of OBM literature in combination with the limitations of the PDC-HS informed 

these refinements: (a) the identification of a cut-off score, used to objectively identify the 

category(ies) considered most in-need of intervention and (b) a decision-making procedure used 
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to identify a single category to be the focus of intervention when multiple categories are 

identified as concerning. Developing a cut-off score and formal decision-making model for the 

PDC-HS may allow practitioners to use the tool more objectively, which should further enhance 

the accuracy, validity, and reliability of the tool itself. Further, these revisions have the potential 

to save organizations valuable resources (e.g., time, money), and ultimately reduce the use of 

intervention packages. These revisions place an emphasis on data-based decision making by 

ensuring practitioners are using a common, objective cut-off score, and a formalized decision-

making model to lead the intervention development process. 

Therefore, the purpose of the study was to increase the utility of the PDC-HS by 

quantitatively identifying a cut-off score and supplementing the PDC-HS with a decision-making

model that aids in the identification of an “aligned” category for intervention. An “aligned” 

category selection represents one where participant’s select for intervention a category that 

corresponds with the category effectively intervened on in a related published case study. That is,

the “aligned” category resulted in efficacious outcomes in the real-life context with which the 

performance problem was derived. Through the proposed method the authors sought to answer 

the following research questions: (1) would participant’s with access to the proposed refinements

(i.e., participants placed in the refinement group) more reliably select categories that align with 

selections from experts in the field of OBM?; (2) if participants in the refinement group did not 

reliably select the “aligned” category, what were the patterns of misaligned responding?; (3) 

would participants in the refinement group more reliably select a single category intervention?; 

and (4) would the refinements be rated as highly acceptable by participants? The authors also 

sought to evaluate the influence that variables such as certification level, OBM experience, and 

PDC-HS experience had on these research questions. The authors hypothesized that participants 
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in the refinement group would more reliably select categories that “aligned” with literature 

selections and arrive at single category selections for intervention. Further, the authors 

hypothesized that participants in the refinement group would rate the intervention-selection 

process more favourably than participants who did not have access to the refinements (i.e., 

control group). 

Method

Participants and Setting

A between-groups design was used to experimentally evaluate the impact of the proposed

refinements (i.e., cut-off score and DMM). Participants included certified and non-certified 

behavioral practitioners recruited through the Behavior Analysis Certification Board (BACB®) 

mass email service, as well as online social media posts made across multiple platforms (e.g., 

Facebook, LinkedIn, Twitter). Participants included practicing Board Certified Behavior 

Analysts (BCBA®, BCBA-D®), Board Certified Assistant Behavior Analysts (BCaBA®), 

Registered Behavior Technicians (RBT®), as well as students and non-certified practitioners 

working in the field of ABA or OBM. 

Ethics clearance to pursue recruitment and completion of the study was obtained from 

Brock University’s Research Ethics Board. To circumvent in-person limitations posed by the 

COVID-19 pandemic, the study was conducted virtually using Qualtrics Survey software. Prior 

to participating in the study, recipients were informed that their participation had the potential to 

contribute to the field of OBM, and functional assessment measures specifically. Following 

completion of the experimental investigation, participants had the opportunity to opt-in for a 

chance to win one of two Amazon Gift Cards valued at approximately $50.00 USD each (e-mail 
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addresses were stored in a spreadsheet separate from investigation-response data to ensure 

participant anonymity). 

Pre-Experimental Procedures

Cut-Off Score Development

 Isolating a unanimous cut-off score allows for the objective distinction between 

categories that should be considered or may warrant intervention (i.e., percentage of “No’s” is at 

or above the cut-off score level), and those that should not (i.e., percentage of “No’s” is below 

the cut-off score level). Typically, the development of a cut-off score involves either a criterion-

based standard setting or norm-based standard setting (Elfaki & Salih, 2015). Criterion-based 

standard setting involves identifying a cut-off score based on a pre-determined criterion, usually 

established by a group of experts in the area. Norm-based standard setting involves identifying a 

cut-off score based on comparing the outcomes across a sample of relative measures or tests. The

authors opted to use a norm-based standard-setting method to ensure adequate consideration and 

representation of the previous PDC-HS literature and outcomes. The inclusion of norm-based 

methods can help to avoid the identification of cut-off scores that are too high, too low, or are 

inconsistent with prior literature (Zieky, 2001). Therefore, a norm-based approach may be the 

best approach to avoid the unintentional exclusion of important categories in the intervention 

development process. 

To determine a cut-off score for the PDC-HS, the authors reviewed existing articles 

where the PDC-HS was administered, and a subsequent intervention implemented (n = 10). It 

was identified at which point an author of a study determined a category warranted an 

intervention. Specifically, for each relevant article, intervention(s) selected, and the 

corresponding negativity score for that category (i.e., percentage of “No’s”) were noted. For 
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articles where multiple respondents completed the PDC-HS for the same participant(s), all 

respondents’ results were incorporated. For example, if Carr and colleagues (2013) implemented 

a strategy from the “performance consequence, effort, and competition” category, the negativity 

score(s) yielded from that category was added to the overall average calculation (e.g., 

respondents one and two indicated 80% negativity score, and respondent three indicated 60% 

negativity score for the corresponding category). After reviewing all individual articles, an 

overall average cut-off score was calculated, which was used as the point of reference for the 

current study (Appendix B). The identified cut-off threshold based on this method was 50% 

across categories.

Decision-Making Model Development

To develop the DMM, the authors reviewed existing literature on improving employee 

performance in human-service settings as well as studies in which the PDC-HS was 

administered. The authors used this information to establish intervention considerations related 

to any two category combinations (i.e., two categories that would meet the cut-off score). 

Temporal or sequential patterns in the literature indicating one category should be addressed 

prior to another, or one category should be addressed under specific contexts, were noted. For 

example, when deciding between a strategy from either the “training” category, or the “task 

clarification and prompting” category, an intervening practitioner should consider whether the 

target skill has demonstrated the skill in the past. Formal training procedures are more 

appropriate to teach or establish a new skill, relative to prompting procedures essential for 

managing acquired skills (Reid & Parsons, 2000).

Decision making considerations were outlined for six potential category combinations, 

these included: (1) “training” combined with “task clarification and prompting” (Appendix C), 
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(2) “training” combined with “resources, materials, and processes” (Appendix D), (3) “training” 

combined with “performance consequences, effort, and competition” (Appendix E), (4) “task 

clarification and prompting” combined with “resources, materials and processes” (Appendix F), 

(5) “task clarification and prompting” combined with “performance consequences, effort, and 

competition” (Appendix G), and (6) “resources, materials, processes” combined with 

“performance consequences, effort, and competition” (Appendix H). The authors looked at 

combinations of two indicated categories and not combinations of three or four categories 

because previous literature has suggested two indicated combinations as the most prevalent 

outcome of all the possible combinations (i.e., only one of ten studies reviewed considered three 

categories endorsed, and none of the studies reviewed considered all four categories endorsed). 

Therefore, the probability of three or four categories being indicated is unlikely in practice. In 

the next section, each of the category combinations, including all respective questions in the 

model and their rationales are described in detail.

Experimental Procedures

Vignette Development and Description

To evaluate the refinements, the authors developed vignettes containing all relevant 

information required for participants to (1) be informed about a specific employee performance 

problem, (2) review a completed PDC-HS assessment, and (3) select a category(ies) for 

intervention. In total, two vignettes were developed each representing a different employee 

performance problem adapted from a published PDC-HS case study. The chosen case studies 

included PDC-HS outcomes wherein multiple categories indicated some level of concern (e.g., 

negativity scores above 0%), but only one category was targeted for intervention. For example, 

Smith and Wilder (2018) completed the PDC-HS assessment and identified all four categories as 
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displaying some level of negativity score. In this case, the authors decided to implement a 

strategy from the “training” category only. The outcome of the “training” intervention 

demonstrated improvements in the performance problems. Therefore, if one of the vignettes were

developed based on the Smith and Wilder (2018) case study, the “training” category would be 

considered the “aligned” category because the authors only implemented a strategy from this 

category (which was effective at improving the performance problem), despite elevated 

negativity scores in the other categories. Thus, if the participants are presented with similar 

information about the case study and PDC-HS outcomes, they should arrive at a similar category 

selection (i.e., “training”). To reflect a real-world context and reduce the saliency of identifying 

only the most highly indicated category, an adaptation of the original case studies included the 

addition of fabricated content to the vignette, which ensured that more than one of the PDC-HS 

categories indicated some level of concern. The authors also deliberately ensured that the 

“aligned” category for each vignette would not correspond with the most common mechanism of

identifying a category for intervention (i.e., the category with the most negative responses or the 

highest negativity score). A final adaptation involved the authors filling out a PDC-HS 

assessment based on the information and graphs provided in the original case studies. A visual 

representation of the assessment interview was included in the vignette to provide participants 

with a comprehensive background of the performance problem. Ultimately, the vignettes did not 

deviate significantly from the core information and issues described in the original case studies. 

During the study, participants were randomly assigned to one of the two vignettes. 

Specific vignette components included: a summary of the organizational setting, target 

employee, and the performance problem. Each vignette also included a written description of the 

PDC-HS interview, where a behavior analyst interviewed an organization supervisor. Further, 
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participants had access to a scanned copy of the contrived PDC-HS assessment, and a graphed 

version of the assessment results (see vignette example in Appendix I). More specifically, the 

graph displayed the percentage of negative responses (i.e., “No’s”) for each category. This was 

consistent with how PDC-HS results are represented in the literature. The graph contained an 

accurate depiction of the vignette PDC-HS outcome, and all participants had access to this 

information, regardless of group assignment. 

Demographic Information

Prior to reviewing the vignettes, all participants were asked to provide demographic 

information including participant certification level, and location (i.e., Canada or United States 

of America). Participants were asked to indicate if they had prior experience within the field of 

OBM, or experience administering the PDC-HS or any of the PDC variations. Participants who 

indicated they had experience with the PDC-HS, or its applications were asked to indicate if they

had any published PDC-HS articles, and these individuals were still permitted to participate. 

Group Assignment

Each vignette was further divided into a control group and a refinement group (i.e., 

experimental group). After each participant provided their demographic information, they were 

assigned to either the control or refinement group for one of the vignettes. Participants in the 

control group were required to identify the best category(ies) option to intervene on based on 

review of the vignette components described above. The control group reflected the existing 

process of identifying a PDC-HS category with which to intervene. In addition to the existing 

vignette components, participants in the refinement group had access to the cut-off score and 

corresponding DMM. These participants were instructed to use the cut-off score displayed on 

their graphed results to determine which category(ies) may warrant intervention and, to use the 
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corresponding DMM to determine the category(ies) that is the optimal choice for intervention. A 

clear depiction of the differences in vignette components across the control and refinement group

are displayed in Table 1.

Regardless of group assignment, all participants completed the same outcome question 

following review of the vignette. The outcome question was formatted as follows: “Select the 

category that should be intervened upon (choose all that apply).” The response options included 

each of the four categories (i.e., “training,” “task clarification and prompting,” “resources, 

materials, and processes,” and “performance consequence, effort, and competition”). The 

outcome question was formatted as a multi-selection item, whereby participants could choose to 

select one or multiple categories for intervention. 

Social Validity

To evaluate the perceived impact of the refinements, participants were asked questions 

about the clarity of the intervention selection procedure (e.g., “How would you describe the 

intervention-selection process?”), the helpfulness of the refinements (e.g., “Did you find the 

addition the cut-off scores helpful when determining the intervention-selection?”) and the 

feasibility of such refinements (e.g., “In a real-world setting, how likely are you to utilize the cut-

off score and decision-making model?”). All social validity questions contained fixed response 

options and were presented after the participants had reviewed their vignettes and submitted their

intervention-selections. The social validity questions were parallel across control and refinement 

groups, with slight changes to questioning depending on which group they were exposed to. For 

example, the control group participants were asked “If you had access to a cut-off score, would 

this have helped your intervention-selection?”).
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Data Analysis

Data Screening and Preparation. Prior to conducting descriptive and statistical 

analyses, the authors used various IBM® SPSS® software (version 27) programs to check 

variable frequency data and to check for biases and assumptions. Screened variables included: 

group assignment, vignette, OBM experience, certification, sector, previous publications, PDC-

HS experience, refinement clarity, and refinement feasibility. Frequency data checks revealed 

even distributions of scores among the following variables: group assignment, vignette, and 

OBM experience. Frequency data checks for the certification variable revealed that the BCaBA®

and BCBA-D® groups contained sample sizes too small for proportionate regression 

comparisons. This prompted the authors to recode the certification variable by combining the 

RBT® and BCaBA® variables, which are both undergraduate level certifications, and combining

the BCBA® and BCBA-D® variables, which are both graduate level certifications. Frequency 

data checks for the sector variable and the previous publication variable also revealed some 

groups (e.g., “OBM” sector) that had sample sizes that were too small. These checks also 

allowed the authors to prioritize predictors for analyses, because the sample size restricted the 

number of predictors that could be included in the regressions. For example, the authors decided 

to not include sector or previous publication as variables in the regressions, because broader 

variables such as OBM experience and certification were more important to include for the 

proposed research questions. Frequency data also revealed that the PDC-HS experience variable 

contained some groups with sample sizes too small for comparisons. As such, the authors 

recoded this variable by combining the groups to reflect a “never administered” group and an 

“experience administering” group. Finally, frequency data revealed that for both social validity 

items (i.e., clarity and feasibility) there were only enough participant responses across two of the 
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three response options (e.g., no participants reported the tool as “very difficult” to implement) to 

include in the analyses. Response options that did not have enough data were excluded from 

analyses, resulting in the omission of two participants’ social validity responses (i.e., data were 

not spread across response options which had implications for the analyses; few to no 

participants scored the refinements as very difficult to use). 

Diagnostic checks for biases and assumptions yielded no concerns, except for 

multicollinearity which was detected between the PDC-HS experience variable in correlation 

with the certification variable and the OBM experience variable. More specifically, chi-square 

tests revealed significant relationships between the PDC-HS experience variable and no OBM 

experience, 2(1) = 13.29, p < .001; as well as sufficient OBM experience, 2(1) = 16.04, p = 

<.001. Further, significant relationships were identified between the PDC-HS experience 

variable and specific BACB® certifications (RBT®/BCaBA® certification, 2(1) = 19.62, p 

< .001; and BCBA®/BCBA-D® certification, 2(1) = 20.38, p < .001). All the relationships 

remained significant when corrected for false discovery rates using the Benjamini-Hochberg 

adjusted p value. Multicollinearity is an indicator of a linear, correlational relationship between 

the identified variables, which can make estimates unreliable and/or undermine the statistical 

significance of the outcome variable (Tabachnik & Fidel, 2001).

To ensure parsimony within the final regressions, the authors only included predictor 

variables identified as having a significant relationship to the outcome variable(s). The 

diagnostic regressions revealed no significant relationships between the outcome variables and 

reported PDC-HS experience. Therefore, since this was not a significant predictor, and to reduce 

the negative implications of multicollinearity with the other two variables, the authors opted to 

omit the PDC-HS experience variable from the regression analyses. The initial screening also 
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revealed no significant difference in selection outcomes between the two vignettes, indicating 

they could be combined for the purposes of the analyses. As such, the authors did not include the

vignette predictor variable in the final regressions. For theoretical purposes, the authors opted to 

include the remaining non-significant predictors in some of the regression analyses, presented as 

a second model, (i.e., to help answer further questions such as, “is certification an important 

predictor of selecting the “aligned” category when implementing the PDC-HS”?).

Descriptive and Statistical Analyses. To analyze the data, the authors used a 

combination of descriptive and summary statistics (i.e., percentage, mean) as well as inferential 

statistical analysis procedures. Specifically, the authors ran binary logistic regressions to answer 

the research question (1) will participants in the refinement group more reliably select categories 

that align with selections from experts in the field (i.e., selects the “aligned” category)? 

Alignment was considered when the participant’s intervention-selection exactly aligned with the 

published case study, and selections including the aligned category and other categories were not

considered aligned. The authors subsequently ran a multinomial logistic regression to further 

investigate the (2) frequency data of misaligned responses. Lastly, the authors ran binary logistic 

regressions to answer these remaining questions: (3) will participants in the refinement group 

(i.e., with access to the proposed refinements) more reliably select a single category 

intervention? and (4) will the refinements be rated as highly acceptable by participants? Binary 

logistic regressions are ideal for outcome variables that are dichotomous (e.g., the participant 

either selected the “aligned” category, or not). Similarly, multinomial regressions are useful for 

predicting more than two outcome variables (e.g., comparing more than two participant response 

options). 
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Across all regressions, orthogonal contrasting was used to make comparisons between 

variables of interest with multiple categories (i.e., certification, OBM experience). Orthogonal 

contrasts allow for comparisons between two main groups, and then subdivisions of specific 

groups of interest. For example, the OBM experience variable involved comparing (1) no 

experience to any experience, and (2) some experience (e.g., less than 5 year) to sufficient 

experience (e.g., more than 5 years). Further, the odds ratio statistic was calculated for each 

regression model to identify the probability of participants selecting the outcome variable in the 

presence of each predictor variable. For example, the odds of a participant selecting the single 

“aligned” category when they were placed in the refinement group. Further, across all regression 

models, the authors applied bias accelerated bootstrapping (BCa) method with 2000 samples to 

provide robust estimates of population parameters. 

Refinement Group and “Aligned” Category Selections. With regards to refinement 

influence over category selection, a series of two logistic regression models were performed. The

outcome variable for the first model was participant selection of the “aligned” category, and the 

primary predictor of interest was refinement group. The same outcome variable was included for 

the second model, and the secondary predictor(s) of interest included refinement group, 

certification (i.e., no certification compared to any certification, and RBT®/BCaBA® compared 

to BCBA®/BCBA-D®), and OBM experience (i.e., no experience compared to any experience, 

and some experience compared to sufficient experience). 

Misaligned Responding. To identify patterns in misaligned responding, descriptive 

statistics were used to identify the most frequent outcome variables for this regression. Outcome 

variables included, the single “aligned” category selection, the “cut-off” category selection (i.e., 

defined as the participant selecting the top two categories that meet the cut-off score; 
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demonstrating the utility of the cut-off score, but not the DMM),  and the “alternative” category 

selection (i.e., defined as the participant selecting only the highest indicated category; 

demonstrating inaccurate use of both refinements, but reflecting the most common PDC-HS 

category selection process). The predictor variable included in this regression was group 

assignment. 

Single and Multiple Category Selections. In this third regression, the authors evaluated 

the relationship between participants selecting any single category for intervention versus 

multiple categories for intervention (i.e., outcome variables), and the predictor variables were the

same as the first binary regression. 

Social Validity. The outcome variables for the fourth and fifth regressions included 

perceived clarity of the intervention selection process (i.e., “Very easy” to implement, or 

“Somewhat easy” to implement), and perceived feasibility of the intervention selection process 

(i.e., “Very feasible” or “Potentially feasible).” Predictor variables included the single “aligned” 

category selection, and refinement group. 

Results

Table 2 depicts general sample characteristics. A total of 318 individuals initiated the 

survey, of which 211 proceeded to complete the entire study. The remaining 107 participants 

terminated their involvement before completing the study, and as a result their data were not 

included in the analyses. Overall, of the participants who completed the entire study, broad 

trends in the data suggested that participants were primarily from the United States of America 

(74.9%), employed in the Autism sector (70.6%), and held either an RBT® (42.2%) or BCBA® 

certification (45.0%). Further, most participants had less than 5 years of experience (45.5%), or 
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no experience (43.6%) working in the field of OBM. Most participants had never heard of the 

PDC-HS (46.4%) or had heard of it but never administered it (40.8%).

Refinement Group and “Aligned” Category Selections

The first binary regression (model one) indicated that refinement group participants were 

4.97 times more likely to select the “aligned” category for intervention compared to those in the 

control group, and this was a significant finding (Table 3; p < .001, 95% CI Odds Ratio [OR] 

[2.38,10.41]. When the authors included the additional predictors (model two), similar results 

were yielded, indicating variables such as certification and OBM experience did not significantly

influence the probability of an “aligned” category selection. In summary, the initial regression 

outcomes indicated that access to the cut-off score and DMM significantly increased the 

likelihood of participants selecting categories that “aligned” with selections from experts in the 

field, regardless of certification or OBM experience. 

Misaligned Responding

Despite the refinements showing a significant improvement in the probability participants

would select the “aligned” category, descriptive data indicated that a portion of participants who 

were in the refinement group selected misaligned categories (63.2%; Table 4). A multinomial 

regression of these response options indicated that the probability of refinement group 

participants selecting the single “aligned” category increased to 5.65, relative to those not in the 

refinement group (Table 5; p < .001, 95% OR CI [2.48, 12.87]). The multinomial regression 

further revealed that assignment to the refinement group did not significantly increase the odds 

of participants selecting the “cut-off” or “alternative” category options. Therefore, although 

collectively most refinement group participants selected misaligned categories for intervention, 

the refinements significantly increased the probability of the single “aligned” category selection, 
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and importantly, did not significantly increase the odds of participants selecting these other 

misaligned category selection options. 

Single and Multiple Category Selections

Descriptive data indicated just over half of participants in the study selected multiple 

categories for intervention (51.2%). The majority of participants in the refinement group selected

a single category option (56.6%) whereas less than half of participants in the control group 

selected a single category for intervention (40.9%). The binary logistic regression indicated that 

participants in the refinement group were 1.88 times more likely to select only a single category 

for intervention, relative to selecting multiple categories for intervention (Table 6; p = .024, 95% 

OR CI [1.09, 3.25]). The findings of this regression further verified that variables such as 

certification, and OBM experience, did not influence single or multiple category selections. 

Collectively, these results suggest that placement in the refinement group increased the 

likelihood of participants choosing a single category intervention option, relative to multiple 

category intervention options.

Descriptive data also indicated that the spread of responses for refinement group 

participants appeared to be primarily concentrated across one or two category selections (Table 

7; i.e., most refinement group participants selected either one category or two categories for 

intervention). This contrasts with the spread of responses for control group participants, which 

appeared to be dispersed across one, two, and three category selections. 

Social Validity

Clarity and Feasibility 

The findings indicated that most participants across both groups considered the 

intervention selection process to be “very easy” (60.4% in the refinement group and 58.1% in the
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control group). Similarly, responses across group assignments were comparable when asked 

about the feasibility of the intervention selection process. These initial outcomes implied that 

participants generally considered the PDC-HS intervention selection process to be easy and 

relatively feasible, regardless of refinement access.

To investigate the relationship between clarity and feasibility ratings (i.e., outcome 

variables) relative to “aligned” category selections and group assignment (i.e., predictor 

variables), the authors conducted another binary logistic regression. Model one revealed no 

significant relationship between favorable clarity ratings (i.e., as “very easy”) and selecting the 

single “aligned” category (Table 8). Additionally, there were no significant findings in model 

two, indicating no relationship between clarity ratings and placement in refinement group. Thus, 

access to the refinements did not necessarily increase the likelihood of a “very easy” rating. 

With regards to feasibility, the likelihood of participants reporting the intervention 

selection process as “very feasible” nearly doubled if the participant also chose the single 

“aligned” category (OR = 1.93, p = .05, 95% OR CI [1.00, 3.74]; Table 9). However, the 

regression results also indicated there was not a significant relationship between feasibility 

ratings and placement in the refinement group. This suggests that accuracy in intervention 

selection related to feasibility ratings, but group placement (i.e., refinement or control) did not.

Refinement Components

Most participants who were placed in the control group hypothesized that access to a cut-

off score and DMM would have made the intervention-selection process easier (Table 10; 

76.2%). Additionally, most participants who were placed in the refinement group considered 

access to such refinements as making the intervention-selection process easier relative to no 

refinements (88.7%). Further, 4.7% of participants in the refinement group considered the 
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refinements difficult to implement, and 6.6% felt that the refinements did not impact the process 

at all. Overall, these findings imply that many control group participants would have considered 

the addition of the proposed refinements helpful had they been made available, and participants 

in the refinement group indicated that the refinements aided in the intervention-selection process.

Discussion

The purpose of this study was to enhance the PDC-HS by supplementing the tool with 

two refinements. More specifically, the primary goals of the added refinements were to create a 

more distinctive intervention selection process that would improve the accuracy of participants 

selecting categories for intervention that “align” with selections from actual, and related 

performance problem scenarios, as well as reduce the reliance on targeting multiple categories of

intervention simultaneously. Collectively, the results indicated that participants in the refinement

group were almost five times more likely to select the single “aligned” category for intervention, 

relative to those who were in the control group, thus providing some evidence for the PDC-HS 

refinements. Although several participants in the refinement group selected misaligned 

categories, their likelihood of selecting the “aligned” category increased by simply having access

to the refinements. Further, these participants were more likely to select single categories for 

intervention, relative to multiple. There were no significant relationships between the 

certification levels and “aligned” category selection, or OBM experience and “aligned” category 

selection. This could suggest that the refinements are robust across different levels of practitioner

certification and differing levels of OBM experience. This outcome has promising practical 

implications because any practitioner may effectively use the proposed PDC-HS refinements and

arrive at an intervention that is likely best suited for the performance problem being assessed. 
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The social validity outcomes have promising clinical and practical implications because 

most participants in the refinement group viewed them as “very easy” to use, and “very feasible”

for a clinical setting. Criticisms may accrue in relation to the similarly favorable ratings of 

participants in the control group. It is possible that participant reports of ease and feasibility 

could be influenced by participant’s perceptions of accuracy in arriving at the aligned 

intervention. For example, a participant may erroneously assume they selected the “aligned” 

category for intervention, which may subsequently influence their ratings (e.g., “I think I 

selected the “aligned” category, and I think it was easy to arrive at that answer, so I consider this 

process very easy”). It is possible that had the authors informed participant about aligned and 

misaligned outcomes, their ratings of ease and feasibility could be different. Alternatively, many 

participants in the control group did not have prior experience with the PDC-HS and therefore 

may not have practical experience implementing the procedure nor recognize the potential 

limitations of an intervention selection process that lacks direction and precision. It is possible 

that if control group participants were exposed to the refinements retroactively, they may have 

regarded the typical implementation of the PDC-HS (i.e., in the absence of refinements) as less 

auspicious. 

Statistically, the refinements enhanced the accuracy of the intervention selection 

procedure, however within the sample, participant intervention selections were generally spread 

across both single and multiple categories. Within single category selections specifically, the 

frequency data of categories chosen varied to some degree. The persistence of such diverse 

patterns of responding, even in the presence of the refinements, suggest that there may still be 

extraneous variables influencing practitioner intervention decision-making. For example, Nelson 

and Steele (2008) have reported that variables such as learning history and previous success with
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an intervention, as well as highly empirically regarded or “popular interventions”, may influence 

intervention selections. For example, if participants had a prior history of successful intervention 

when selecting “training” as the primary intervention, they may be more inclined to use training 

in the future, given that that choice has previously contacted reinforcement. 

Frequency data indicated that participants tended to (1) select the category with the 

highest negativity score, or (2) select all categories above the cut-off score threshold. Recall that 

the standard practice of interpreting and selecting categories using the PDC-HS was previously 

to select the category(ies) with the highest negativity score. Some participants continued to use 

this method, even in the presence of a cut-off score and DMM, suggesting that the refinements 

may have not produced a salient enough change in procedure to the original category selection 

process. For participants not familiar with the original intervention-selection process, the 

refinements may not have discriminably dissuaded participants from choosing the category that 

initially appears most concerning (i.e., highest scores). A potential resolution to this could 

include the addition of a written prompt within the refinements that cautions participants from 

simply choosing the most highly indicated category (e.g., “Use the decision-making model to 

identify the most appropriate category to address for your specific circumstance. The category 

with the highest negativity score may not always be the best option”). Another potential 

explanation for this finding is that the DMM inadvertently directed participants to the wrong 

category. This result is less likely because the authors had access to the information provided to 

the participants, and the questions asked within the DMM, so the authors were able to verify that 

the questions would lead to the single “aligned” category. However, the authors cannot account 

for how participants interpreted and ultimately answered each question in the DMM. Further, 

prior to evaluating the refinements, the authors discovered a pattern in the literature whereby 
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practitioners who encountered multiple highly indicated categories responded by simply 

intervening on each of these multiple highly indicated categories (i.e., implement an intervention 

package of some sort). Since several participants in the refinement group ultimately chose the 

two most highly indicated categories (i.e., the two categories that met the cut-off score), this may

indicate the DMM specifically did not clearly prompt the participants to select only one 

category. Perhaps the participants in these groups assumed that they could choose to use either 

the cut-off score or the decision-making model. Supplementing the refinements with rationales 

may further increase the value for single category selection for intervention.

Another important consideration regarding the proposed refinements is that selecting a 

single category for intervention does not guarantee that an intervention package will be avoided. 

Although these refinements are designed such that practitioners narrow down to a single 

intervention category, within each PDC-HS category, several specific strategies exist. For 

example, the “Task clarification and prompting” category is comprised of the following 

intervention strategies: task clarification, checklists, prompts, changing /altering task location. 

However, selecting only a single category for intervention substantially decreases the number of 

possible intervention options, relative to the number of intervention options available when 

multiple categories are selected for intervention. 

An indirect finding of the study relates to potential psychometric concerns with the 

standard PDC-HS. Previous authors have reported the PDC-HS as having high inter-rater 

reliability outcomes (Cymbal et al., 2020; Wilder et al., 2019), where multiple respondents 

complete the tool and arrive at similar outcomes. However, frequency data within the current 

investigation suggest that participants in the group simulating the original PDC-HS process (i.e., 

control group), had highly contrasted responding which could translate to low inter-rater 
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reliability scores, thus having replicability implications. However, prior studies evaluating the 

psychometric properties of the PDC-HS have assessed inter-rater reliability of the entire 

administration process (e.g., conducting the interview portion and intervention selection process 

together), and one specific study used “actual consultant interviews” within their vignette cases 

(Cymbal et al., 2020). This stands in contrast to the current study, which assessed only the 

intervention-selection portion of the process and incorporated only simulated case scenarios. 

The vignettes themselves should also be considered with respect to the generality of the 

findings. Although both vignettes were based on specific scenarios and interventions published 

in the OBM literature, it is possible that the identified single “aligned” categories were not the 

only categories that could have resulted in effective employee performance outcomes. Therefore,

an inherent limitation to the methodology of the current study was the inability to experimentally

evaluate the impact of a selected category on an employee performance problem in-situ. It is 

often the case that more than one strategy can improve a target behavior, but the authors continue

to assert that parsimony and resource efficiency is of utmost importance. Thus, it need not be 

imperative to identify all possible effective interventions, but instead the focus should be on 

identifying the most simple and efficient intervention, which is also effective. 

 One limitation of the present study is that the authors evaluated only two portions of the 

DMM. This decision was made apriori to account for potential issues related to sample size and 

statistical power in the analyses. To determine the true pragmatic value of a DMM that 

supplements the PDC-HS, it is imperative that future studies evaluate the remaining four 

portions. Doing so would (1) better speak to the generality of findings in the present study and 

(2) highlight if further refinements to the DMM are necessary. Additionally, future studies 

should involve (1) assessing and intervening on in-situ employee problems, (2) practitioner 
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completion of the entire PDC-HS process including refinements (i.e., administration, interview, 

graphed outcomes, intervention selection process), and (3) perhaps most importantly, the 

intervention-selected based on the category identified should be experimentally evaluated.

Another limitation of the study is that the individual refinement components were not 

thoroughly reviewed or critiqued by experts in the field of OBM. The authors did solicit 

feedback from one OBM expert who reviewed the DMM and provided informal approval of its 

purpose and composition. However, feedback was not attained regarding the cut-off score, nor 

were the vignettes in combination with the refinements tested specifically by OBM experts. 

Similarly, a final limitation is that the participant recruitment methods did not ensure equal 

proportions of participants across BACB® certification levels would be included in the study. 

Ideally, more participants representing BCBA-D® and BCaBA® certification levels as well as 

OBM practitioners in and outside of the field of behavior analysis would have been represented 

in the current study.

In summary, the conclusions drawn from the results of this study provide some 

preliminary evidence that the PDC-HS could benefit from the addition of a cut-off score and 

DMM. These refinements have the potential to more accurately and precisely identify the most 

relevant environmental variables to address employee performance problems, thereby increasing 

the practical utility of the PDC-HS specifically, and functional assessment broadly. The authors 

continue to assert that these revisions have the potential to save organizations valuable resources 

(e.g., time, money), reduce the use of intervention packages, and promote objective category 

selection procedures, which has been a recent topic of discussion in OBM (Wilder et al., 2020). 

The authors affirm that practitioners who use the PDC-HS should supplement the assessment 

with the proposed refinements, to provide a more prescribed method of intervention selections. 
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Going forward, it will be important for researchers to explore how the PDC-HS refinements 

impact interventions for employee performance problems in typical workplace settings.
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Table 1.

Similarities and differences in the vignette components across groups.

Control Group Refinement Group

Vignette

• Background information
• Scripted interview
• PDC-HS scanned copy
• Graphed PDC-HS results

• Background information
• Scripted interview
• PDC-HS scanned copy
• Graphed PDC-HS results
• Cut-off description and visual 

display of cut-off on graph
• Corresponding section of the 

decision-making model 
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Table 2. 

Descriptive statistics of participants who completed the entire survey (complete), and those who 

did not (incomplete).

Complete Incomplete
Tota
l N

Total
%

Refinement
Group

Control
Group

N

Country
Canada 53 24.5% 31 22 21
United States of America 158 74.9% 75 83 81

Sector
Autism 149 70.6% 79 70 67
Education 31 14.4% 15 16 17
Developmental Disabilities 19 8.8% 7 12 9
Behavioral Medicine 1 0.5% 1 0 0
University Teaching 2 0.9% 0 2 1
Organizational Behavior Management 
(OBM)

1 0.5% 1 0 5

Other 8 3.7% 3 5 2

Certification
Not currently certified 18 8.3% 12 6 11
RBT® 89 42.2% 45 44 41
BCaBA® 2 0.9% 1 1 3
BCBA® 95 45.0% 44 51 50
BCBA-D® 7 3.2% 4 3 2

OBM Experience
No Experience 92 43.6% 44 48 27
Some Experience (< 5 years) 96 45.5% 49 47 53
Sufficient Experience (> 5 years) 23 10.9% 13 10 17

PDC-HS Experience 
Never heard of or administered the 
PDC-HS

98 46.4% 49 49 55

Have read about the PDC-HS but 
never administered

86 40.8% 43 43 27

Have read about the PDC-HS and 
administered at least once

22 10.4% 10 12 8

Have read about the PDC-HS and 
administered at least five times

5 2.3% 4 1 2

Note: Total participants who completed the experiment (N=211).
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Table 3. 

Prediction of “aligned” category selection based on group assignment (i.e., refinement group 

and control group; Model 1), and other variables; Model 2.

95% BCa CI 95% CI OR
b SE B p LL UL OR LL UL

Model 1
     Refinement Group 1.60 0.38 <.001 0.89 2.61 4.97 2.38 10.41
     Constant -2.15 0.32 <.001 -2.87 -1.64 0.12

Model 2
     Refinement Group 1.56 0.38 <.001 0.78 2.73 4.74 2.25 9.99

     No Certification vs.   
Any Certification 

-0.24 0.18 .19 -0.60 0.13 0.79 0.55 1.13

     RBT®/BCaBA® vs.    
BCBA®/BCBA-D®

-0.10 0.18 .60 -0.46 0.30 0.91 0.64 1.30

     No OBM Experience
vs. Any OBM      
Experience

0.17 0.13 .19 -0.10 0.49 1.20 0.92 1.54

     Some OBM       
Experience vs.      
Sufficient OBM 
Experience

0.09 0.27 .74 -0.59 0.67 1.10 0.64 1.86

Constant -1.88 0.37 <.001 -2.64 -1.38 0.15
Note: Model 1 Nagelkerlke R2 = .143, Model 2 Nagelkerlke R2 = .164
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Table 4.  

Prevalence of Category Selections based on Group Assignment. 

Refinement Group Control Group
“Aligned” Category Selected 36.8% 10.5%

“Misaligned” - “Cut-off” Categories 
Selected

28.3% 28.6%

“Misaligned” - “Alternative” Category 
Selected

9.4% 20.0%

Other Categor(y)ies Selected 25.5% 40.9%

Total 100% 100.0%
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Table 5.

Prediction of “aligned” category selection, “cut-off” category selection, and “alternative” 

category selection based on all predictor variables. 

95% BCa CI 95% CI OR
b SE B p LL UL OR LL UL

Model 1
“Aligned”
Refinement 
Group

1.73 0.42 <.001 0.90 2.94 5.65 2.48 12.87

“Cut-off”
Refinement 

Group
0.47 0.36 .19 -0.23 1.24 1.59 0.79 3.20

“Alternative” 
Refinement 

Group
-0.28 0.46 .54 -1.33 0.63 0.76 0.31 1.85

Note: Model 1 Nagelkerlke R2 = .117 
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Table 6. 

Prediction of single category selections and multiple category selections. 

95% BCa CI 95% CI OR
b SE B p LL UL OR LL UL

Model 1
Refinement Access 0.63 0.28 .024 0.06 1.22 1.88 1.09 3.25
Constant -0.37 0.20 .065 -0.78 0.02 0.69

Model 2
Refinement Access 0.58 0.28 .04 -0.02 1.23 1.80 1.03 3.13
No Certification vs. 
Any Certification

-0.17 0.17 .34 -0.55 0.14 0.85 0.60 1.19

RBT®/BCaBA® vs 
BCBA®/BCBA-D®

-0.20 0.15 .17 -0.52 0.10 0.82 0.61 1.10

No OBM Experience 
vs. Any OBM 
Experience

0.14 0.11 .20 -0.08 0.41 1.15 0.93 1.43

Less than 5 years of 
OBM Experience vs. 
More than 5 years of 
OBM Experience 

0.39 0.25 .12 -0.12 1.01 1.47 0.91 2.40

Constant -0.03 0.27 .92 -0.58 0.65 0.97
Note: Model 1 Nagelkerlke R2 = .032, Model 2 Nagelkerlke R2 =.065
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Table 7.  

Response selections across groups.

Single Multiple
One

Category
Selected

Two Categories
Selected

Three Categories
Selected

Four Categories
Selected

Total

Control Group 41.0% 36.2% 21.9% 0.9% 100.0%
Refinement Group 56.6% 37.7% 3.8% 1.9% 100.0%
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Table 8.  

Social validity regression outcomes for clarity item.

95% BCa CI 95% CI OR
b SE B p LL UL OR LL UL

Model 1
“Aligned” Category 
Selection

0.11 0.33 .75 -0.48 0.79 1.11 0.58 2.14

Constant 0.38 0.16 .02 0.06 0.71 1.47
Model 2

“Aligned” Category 
Selection

0.12 0.35 .76 -0.55 0.82 1.11 0.56 2.21

Refinement Group -0.00 0.30 .99 -0.63 0.62 1.00 0.56 1.78

Constant 0.39 0.21 .06 -0.01 0.80 1.47
Note: Model 1 Nagelkerlke R2 =  .001; Model 2 Nagelkerlke R2 = .001
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Table 9. 

Social validity logistic regression outcomes for feasibility item.

95% BCa CI 95% CI OR
b SE B p LL UL OR LL UL

Model 1
“Aligned” Category 
Selection

0.66 0.34 .05 -0.05 1.39 1.93 1.00 3.74

Constant -0.12 0.16 .47 -0.41 0.21 0.89
Model 2

“Aligned” Category 
Selection

0.67 0.36 .06 -0.07 1.42 1.95 0.97 3.92

Refinement Group -0.03 0.30 .93 -0.62 0.55 0.97 0.54 1.74
Constant -0.10 0.20 .61 -0.52 0.30 0.90

Note: Model 1 Nagelkerlke R2 =  .025; Model 2 Nagelkerlke R2 = .025
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Table 10. 

Descriptive data of social validity outcomes.

Social Validity Questions Response Options
Percentage of Responses (%)

Refinement Group Control Group
Clarity
How easy (e.g., clear, 
obvious) was the process 
of identifying the 
category(ies) for 
intervention?

Very Easy 60.4% 58.1%
Somewhat Easy 39.6% 39.0%
Very Difficult 0% 2.9%

Feasibility
In a Real-World setting, 
how feasible (e.g., 
practical, realistic) do 
you consider the PDC-
HS assessment and 
intervention-selection 
process to be?

Very Feasible in a Real-World Setting 51.9% 47.6%
Potentially Feasibly in a Real-World 
Setting

46.2% 49.5%

Not at all Feasible in a Real-World 
Setting

1.9% 2.9%

Hypothetical
If you had access to a 
cut-off score and 
decision-making model, 
how do you think this 
would have impacted the 
intervention-selection 
process?

It Would Have Made the Intervention 
Selection Process More Difficult

1.0%

It Would Have Made the Intervention 
Selection Process Easier

76.2%

It Would Not Did Have Impacted the 
Intervention Selection Process

22.8%

Concrete
How did having access to
the cut-off score and 
decision-making model 
impact the intervention-
selection process?

It Made the Intervention Selection 
Process More Difficult

4.7%

It Made the Intervention Selection 
Process Easier

88.7%

It Did Not Impact the Intervention 
Selection Process

6.6%

Note. The sample size for the control group, n = 105 and refinement group n = 106. 
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Appendix A - Performance Diagnostic Checklist – Human Services

Copy
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Appendix B - Cut-off Score Calculation

Instructions
The cut-off score, in combination with the DMM, can be used as supplemented processes when administering the PDC-HS. The cut-off score was 
developed based on a review of existing PDC-HS literature, whereby the scores (i.e., percentage of “no’s” for each category/domain) that lead to 
related interventions were extracted, and averaged.

Score Identification
Vance et al., (2021) identified the cut-off score by:

1. Identifying the category(ies) that the author addressed within their intervention(s)
2. Reviewing the PDC-HS outcomes provided in the article and extracting the “percentage of no’s” that corresponded with the targeted 

category(ies)
3. Calculating an overall average

Note
The chart below displays the scores extracted from the existing literature. Articles denoted with an asterisk (*) indicate the raw PDC-HS scores were 
not reported, so values are based on visual inspection of the graph(s). In some articles, multiple respondents completed the PDC-HS; all respondents 
scores were included. Further, in some articles, multiple PDC-HS assessments were completed for multiple employees – this is also reflected in the 
chart below.

The final page displays a simulated graph with a visual representation of the cut-off score. In practice, any categories or domains that meet or exceed 
the cut-off score may be contributing to the performance problem. Practitioners may also consider using the DMM to identify a single category or 
domain of concern.
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Article Category(ies) Addressed within
Intervention(s)

Corresponding PDC-HS Scores

Respondent One Respondent Two Respondent Three

Bowe & Sellers (2018) Training 100% 100% 100%

Carr et al., (2013) Training 75% 80% 75%
Performance Consequences, Effort, and 
Competition

75% 80% 60%

Ditzian et al., (2015) Performance Consequences, Effort, and 
Competition

60% 40% 40%

Gahman (2019) Training 50% 50% 50%
Performance Consequences, Effort, and 
Competition

100% 60% 60%

Hays & Romani (2020) Performance Consequences, Effort, and 
Competition

75%

* Hess & Sellers (2019) Training Donnie: 67%
Maude 33%
Jeffrey 67%

Task Clarification and Prompting Donnie: 25%
Maude: 20%
Jeffrey: 25%

Melendez et al., (2020) Training Sam: 50%
Oscar: 75%
Rose: 50%

* Merritt et al., (2019) Task Clarification and Prompting Susie: 20%
Allison: 0%
Mandi: 20%
Naomi: 20%

Susie: 20%
Allison: 0%
Mandi: 20%
Naomi: 20%

Resources, Materials, and Processes Susie: 15%
Allison: 50%
Mandi: 15%
Naomi: 0%

Susie: 0%
Allison: 15%
Mandi: 0%
Naomi: 0%
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Performance Consequences, Effort, and 
Competition

Susie: 40%
Allison: 30%
Mandi: 40%
Naomi: 40%

Susie: 40%
Allison: 60%
Mandi: 100%
Naomi: 40%

Smith & Wilder (2018) Training Bruce: 100%
Sam: 75%

Bruce: 75%
Sam: 100%

* Wilder et al., (2018; Study 1) Training Therapist 3: 75% Therapist 3: 75%

Task Clarification and Prompting Therapist 4: 40% Therapist 4: 40%
Performance Consequences, Effort, and 
Competition

Therapist 1: 60%
Therapist 2: 60%

Therapist 1: 20%
Therapist: 2: 40%

Wilder et al., (2018; Study 2) Resources, Materials and Processes 50% 83.3%

Overall combined average: 49%

Note. The cut-off score will be rounded to 50%. 
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Figure 1. Graph depicting a simulated PDC-HS outcome with the cut-off score displayed. Task Clarification and Prompting 
along with Performance Consequences, Effort, and Competition both exceed the cut-off score. These categories may be 
contributing to the performance problem. Consider using the corresponding DMM to identify a single category for 
intervention. 
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Appendix C - Decision-Making Model – Training with Task Clarification and Prompting

Rationale

The first question in the model asks, “Has the employee received formal training on this 
task?” The literature suggests that training is an important first step in teaching new skills (Reid 
& Parsons, 2000; Ward-Horner & Sturmey, 2012). Therefore, if training has not been conducted 
in relation to the target skill (i.e., assessment administrator responds “no” to this question), the 
model will guide practitioners towards selecting a strategy from the “training” category. 
Conversely, antecedent strategies (from the “task clarification and prompting” category; written 
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visuals, instructions, prompts, etc.) should be used as part of ongoing employee management 
programs, which are intended to enhance the consistency of target skills that are the employee 
has already demonstrated in practice (Reid & Parsons, 2000). Thus, a “yes” response to this first 
question signifies that the employee of interest has received training and already possesses the 
skill, and the model will guide the practitioner towards a strategy from the “task clarification and
prompting” category. Ultimately, if the response to this question indicates that training has not 
occurred, this may indicate the employee has not yet acquired the skill and may therefore need to
be formally taught (via a “training” procedure). 

Regardless of prior training, if the answer to question two, “Is there evidence that the 
employee has accurately completed the task in the past?” is “no” it should be assumed that the 
employee has not acquired the skill, and subsequent formal training is warranted. In some 
circumstances, the employee may not have received training on the target skill (i.e., answer “no” 
to question one), but still possesses the skill, indicating they have demonstrated the skill (i.e. 
answer “yes” to question two). If this is the case, training may not be warranted but this option is
not yet ruled out in the model. 

The third question asks, “Is the target skill (related to the performance problem) 
considered complex?” The literature suggests that formal training may be necessary for more 
complex skills or tasks (Ng et al., 2019). Several published articles have demonstrated how 
training interventions can teach and improve complex skills (Fetherson & Sturmey, 2014; 
Gormley et al., 2019; Sarokoff & Sturmey, 2004). Conversely, if the skill does not require the 
employee recalling extensive amounts of information or steps (i.e., answers “no” to question 
three), relatively simple antecedent strategies (e.g., job aid, checklist; from the “task clarification 
and prompting” category) may suffice as intervention options (Austin, 2000). Further, the 
literature demonstrates successful implementation of strategies from the “task clarification and 
prompting” category, when the employee already engages or has engaged in the skill(s) and the 
skill itself consists of relatively few steps (i.e., not a complex skill; Danner, 2001; Johnston et al.,
2019; McDonald et al., 2014; Pucher et al., 2014). Overall, if the response to question three is 
“yes” (i.e., the skill is complex), the model would direct the practitioner towards implementing a 
“training” strategy, while a “no” response would direct the practitioner towards implementing a 
“task clarification and prompting” strategy. 

The fourth question asks, “Is the target skill (related to the performance problem) an error
of commission?” Errors of commission refer to inaccuracies in the completion of the target skill,
relative to errors of omission which refer to inconsistencies in completion of the target skill. A 
comprehensive training intervention may be more beneficial for employee errors of commission 
(Gahman et al., 2019). Several articles have targeted employee errors of commission by 
implementing a “training” strategy (e.g., BST), with effective outcomes (Barnes et al., 2011; 
Nabeyama & Sturmey, 2010; Smith & Wilder, 2018). Conversely, errors of omission may be 
better addressed through a strategy from the “task clarification and prompting” category. Several 
published articles have targeted employee errors of omission by implementing strategies such as 
checklists, reminders, and notifications, with promising outcomes (Bacon, 1981; Garrett et al., 
2019; Grossi, 1998; Milligan & Hantula, 2006), Thus, a response to question four indicating a 
“yes” (the performance problem is an error of commission) directs the practitioner to select a 
strategy from the “training” category, and a response indicating “no” directs the practitioner to 
the “task clarification and prompting” category. 
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Collectively, the questions within this part of the model seeks to identify to what extent 
the employee possesses the target skill, while considering the type or topography of the skill and 
how these variables may impact the most appropriate category selection.
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Appendix D - Decision-Making Model – Training with Resources, Materials, and Processes

Rationale

This portion of the model begins with the same questions as the previous section (refer to 
rationales for questions one and two above). “Training” is still considered the most appropriate 
intervention when the skill is (a) new, and/or (b) the employee has not demonstrated the skill. 
Question five asks, “Is there an imminent safety risk to client and/or employee? (Related to the 
performance problem)” and similarly, question six asks “Are there specific safety equipment 
required to accurately engage in the target skill (which are not currently readily available)?” The 
“resources, materials and processes” category is the only category which contains intervention 
strategies involving the application or modification of environmental materials and equipment 
(excluding stationary materials such as checklists, visual aids etc.). In many cases, when safety is
an organizational concern, the use of materials or equipment may be warranted (e.g., cleaning 
supplies, and personal protective equipment [PPE], Gravina et al., 2020). More specifically, 
Gravina and colleagues (2020) outlined several behavioral strategies such as increasing 
accessibility of PPE and rearranging equipment to reduce hazards as strategies that are 
imperative to address safety issues in the workplace. Additional published literature has 
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demonstrated the importance of access to, and appropriate use of equipment and materials in 
addressing safety concerns (Casella et al., 2010; The Cambridge Center for Behavioral Studies, 
2020). Intervention strategies from other PDC-HS categories may also be effective in improving 
workplace safety (e.g.,” training” or “task clarification and prompting” procedures; Gravina et 
al., 2020). However, the rationale for addressing safety concerns via the “resources, materials, 
and processes” category specifically, is to ensure practitioners are addressing the most 
appropriate prerequisite step, prior to intervening with more complex interventions. For example,
“training” employees to use PPE is unlikely to be effective, if the employee does not have 
consistent access to the PPE. In completing this portion of the decision-making model, if the 
practitioner answers “yes” there is a safety concern, and/or “yes” materials are required to ensure
safety in the environment, they will be directed towards choosing a strategy from the “resources, 
materials, and processes” category. Further, if there is a safety concern related to the 
performance problem (i.e., question five answered “yes”), but the appropriate equipment is 
already available and accessible (i.e., question six answered “no”), a “training” procedure 
addressing accurate use of the equipment may be more appropriate, and this is reflected in the 
model (Babcock et al., 1992; Engelman et al., 2003; Nielsen et al., 2009). 

Question seven asks more generally, “If materials (e.g., teaching stimuli, preferred items, 
PPE) are required for task completion, are they readily available (e.g., easy to find)?” Similar to 
the above rationale, if the performance problem is not related to a safety concern (i.e., question 
five answered “no”), a necessary initial action is to ensure the employee has easy access to the 
materials required to engage in the target skill. Subsequent intervention options (e.g., feedback 
on using the material, training on how to use the equipment) are moot until the materials are 
made available. In summary, if question seven is answered “no” the practitioner will be 
prompted to implement a strategy from the “resources, materials, and processes” category.

Question eight asks “Has the target skill (related to the performance problem) affected 
multiple staff at the organization (at various times)?” At this point in the decision-making model,
it has been determined that there is not a safety-concern, and all required materials are accessible
to the employee. The remaining strategies within the “resources, materials, and processes” 
category pertain to addressing employee concerns on a broader scale. If the same performance 
problem is occurring, or has occurred, for more than one employee within a setting there could 
be a larger organizational concern. If the practitioner answers “yes” to question eight, they must 
now identify if the larger concern relates to process issues within the organization (e.g., staffing 
systems, task allocations etc.), or if the larger concern is an indicator of insufficient training 
procedures. 

Question nine helps to answer this question by asking “Are there sufficient numbers of 
trained staff available in the program/organization?” If the response to this is “yes,” a strategy 
from the “resources, materials, and processes” category may be preferred because there is 
literature that indicates strategic employee assignments and/or staff hiring and management 
procedures can reduce performance problems (i.e., training procedures are not always warranted 
to address such broad-scale issues; Moore, 2007; Strouse et al., 2004). Conversely, if the 
response to question nine is “no” it is likely that there exists inadequate or insufficient 
organizational training practices. As such, implementing a more effective “training” procedure 
across several employees may be the better option. Several published articles have effectively 
implemented training procedures that address employee performance on a larger scale (i.e., 
across multiple employees; Bowe & Sellers, 2018; Melendez et al., 2020; Parsons et al., 2013). 
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Collectively, this part of the model helps to identify if safety is a concern, if materials are 
a concern, and/or if multiple employees are of concern. The answers to the aforementioned 
questions help the practitioner narrow in on a category that is going to address the most relevant 
problems for each particular circumstance.
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Appendix E - Decision-Making Model – Training with Performance Consequences, Effort,

and Competition

Rationale

Again, within this section of the model, questions one and two are included and their 
rationales provided above still maintain. Question ten asks “Is the desired target skill (or 
solution) related to skill acquisition or skill maintenance?” If the performance problem is related 
to a skill or task that the employee has already acquired, but is not engaging in consistently 
across time, that is, the answer to question ten is “maintenance” a strategy from the 
“performance consequences, effort, and competition” category may be warranted. For example, 
Green and colleagues (2002) reported that consequence strategies (e.g., performance feedback) 
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may be more optimal intervention options for skills that need to be maintained over time. 
Additional published literature has demonstrated the effectiveness of consequence strategies for 
their impact on skill maintenance long term (Alavosius & Sulzer-Azaroff, 1990; Fox et al., 
1987). Conversely, as demonstrated previously (i.e., question one), a response indicating 
“acquisition” as the concern may suggest that “training” is the more appropriate intervention 
option.

In summary, the questions in this portion of the model help to identify the type of 
performance problem occurring, and this answer helps practitioners clearly identify the best 
category option. 
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Appendix F - Decision-Making Model –Task Clarification and Prompting with Resources,

Materials, and Processes

Rationale

Questions five, six, and seven described above are also included in this portion of the 
model. Further, question eleven asks, “Has the staff member received instructions or 
clarifications about the expectations of the target skill?” Very few studies have evaluated the 
effects of “task clarification and prompting” strategies in isolation. However, there is some 
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evidence to suggest that task clarification is an important antecedent strategy that my act as an 
establishing operation that can individually impact employee performance (Michael, 1982). 
Further, knowledge of the expectations related to the target skill(s) (e.g., through task 
clarification procedures) can facilitate employee performance, even in the absence of feedback 
(Crowell et al, 1988). Shier and colleagues (2003) reported that a task clarification strategy (e.g., 
description and definitions of expectation, checklist) contributed to improved employee 
performance, when variables such as lack of training were ruled out as the potential causal factor
of the performance problem. Additionally, prompting procedures implemented in isolation may 
also result in improved employee performances. Milligan and Hantula (2006) regarded prompts 
as inexpensive and moderately effective strategies to improve employee and consumer 
behaviors. Therefore, if the answer to question eleven is “no” the practitioner will be directed to 
implement a strategy from the “task clarification and prompting” category. If the answer to 
question eleven is “yes” instructions and/or clarification have been implemented and the 
performance problem is persisting, it is likely that the individual strategies mentioned above will 
not be sufficient to improve the employee’s performance. Instead, it is possible that there needs 
to be environmental or systematic adjustments facilitated through interventions in the “resources,
materials, and processes” category. 

Collectively, this portion of the model seeks to investigate which strategies have already 
been unsuccessfully implemented, and what the overall goal is. These types of questions can 
provide valuable insight into ideal next steps.
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Appendix G - Decision-Making Model – Task Clarification and Prompting with

Performance Consequences, Effort, and Competition

Rationale

Question eleven is included in this category combination, the rationale provided 
previously maintains. Additionally, question twelve asks “Do you want to improve the accuracy 
of the target skill or the consistency of the target skills?” This rationale is like questions four and 
ten. Further, there is some evidence to suggest that an employee should be clear on the 
expectations (i.e., “task clarification and prompting”), before consequences strategies are applied
(i.e., performance consequences effort and competition; Acro, 2008). Therefore, if the 
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practitioner indicates “accuracy” as the goal, a “task clarification and prompting” strategy may 
be an appropriate initial step to help clarify the expectations surrounding the skill. Conversely, if 
the consultant indicates “consistency” as the goal, a “performance consequence, effort, and 
competition” strategy may be an appropriate choice to help address potential motivational 
impacts on the employee’s performance. Overall, this part of the model seeks to identify if the 
employee is clear on the expectation, prior to implementing consequence-based strategies.
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Appendix H - Decision-Making Model – Resources, Materials, and Processes with

Performance Consequences, Effort, and Competition

Rationale

This final portion of the model asks two questions previously mentioned, questions five 
and seven. Additionally, question thirteen asks, “Is a supervisor available for regular (once per 
month) supervision (of the target skill)?” Supervision, and supervision feedback, are often 
required in order to maintain appropriate employee performance across time (Jensen, 1998). 
Further, there is literature to suggest that regular supervision is imperative alongside the 
implementation of consequence-based strategies (Acro, 2008). Within the “performance 
consequences, effort, and competition” category, several of the intervention strategies require the
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involvement of a supervisor. Therefore, if a supervisor is not available regularly (i.e., the 
response to question thirteen is “no”), a strategy from this category may not be the best option. 
As such, the practitioner may be guided towards implementing a strategy from the “resources, 
materials, and processes” category. Question fourteen further investigates the processes at the 
organization by asking “Are there currently performance monitoring systems in place at your 
organization?” If regular supervision is not an option, and the practitioner indicates there are no 
performance management systems in place (i.e., answers “no” to question fourteen), it is 
reasonable to suggest that any solution should begin with procedural enhancements at the 
organizational level (i.e., select a strategy from the “resources, materials, and processes” 
category; Methot et al., 1996). Alternatively, if regular supervision is not available, but there are 
already related systems in place, a strategy from the “performance consequences, effort, and 
competition” category may supplement those processes and enhance their utility. Collectively 
this part of the model seeks to identify if the breakdown in employee monitoring is occurring at 
the individual or organizational level. 
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Appendix I - Vignette Example

Your scenario includes the following content: background information, scripted PDC-HS 
interview, completed assessment, graphed PDC-HS results, a cut-off score, and decision-making 
model. After reviewing your scenario, you will proceed to the outcome question and identify 
what you think the intervention should include.

Employee: Brian

Interviewee: Matthew (Brian's supervisor)

Interviewer: BCBA Consultant (you - the participant)

Background Information: Matthew is a supervisor at the local Independent Grocer. Matthew 
has hired you (i.e., a behavior consultant) to provide some support and assistance with one of his 
employees (i.e., Brian). Brian a 40-year-old adult male who has a diagnosed developmental 
disability. He works at the Independent Grocer three days a week, and his responsibilities 
include: gathering and cleaning the shopping carts, as well as bagging items at the checkout. 
Matthew wants to increase the number of tasks he can assign to Brian during his shifts. Because 
of this, Matthew recently trained Brian and some other employees on how to prepare the price 
tags for items in the store. This task involves printing several things on the tag, for example (1) 
the cost, (2) the size, and (3) the expire-date etc.

Since the training, Brian has been tasked with preparing price tags on multiple occasions. 
However, Matthew reports that he is not completing this task to satisfactory levels as he is 
committing several errors.

Ultimately, Brian is demonstrating a persistent “performance problem” with preparing the price 
tags. Interested by this unique employee performance problem, you decide to administer the 
Performance Diagnostic Checklist for Human Services (PDC-HS), to gain a better understanding
of the variables that may be impacting Brian's performance problem.  

Performance Problem: Inaccurate preparation of price tags.
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Scripted PDC-HS Assessment and Completed Assessment 
Below is a copy of the interview between you, and the supervisor at the Independent 
Grocer (Matthew). The answers that Matthew provides you in the interview, corresponds with 
the answers indicated on the completed (scanned) PDC-HS assessment. Please review these 
items to become more familiar with the performance problem and context.
 
The first section of the PDC-HS is related to Training. 
Training
1. Interviewer: Has Brian received formal training on this task?
Interviewee: Yes
Follow up:
Interviewer: What kind of training?
Interviewer: We did a group training. The employees were required to watch a presentation on 
how to  price items, and they also watched me demonstrate an example.

2. Interviewer: Can Brian accurately describe the target task and when it should be performed?
Interviewee: I don’t think so..

Note* direct observation of Brian completing this task confirmed the interviewees response.

3. Interviewer: Is there evidence that Brian has accurately completed the task in the past?
Interviewee: He has never completed price-tagging to my satisfaction level. In fact, I cannot use
any of the items Brian is pricing, because he tends to omit, or forget to put some of the important
information on the price tag! Essentially, he has not demonstrated that he has acquired the skill.
 
4. Interviewer: If the task needs to be completed quickly, can Brian perform it at the appropriate
speed?
Interviewee: No, he takes forever to do it!

Note* direct observation of Brian completing the task indicated that he took approximately 10 
minutes to tag one item. This is relative to only 5 minutes that his peers take on average to 
complete the same task.
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The second section of the PDC-HS is related to Task Clarification and Prompting.
Task Clarification and Prompting
1. Interviewer: Has Brian been informed that he is expected to perform the task?
Interviewee: Yes – several times!
 
2. Interviewer: Can Brian state the purpose of the task?
Interviewee: He knows why we need to tag items, but he is not able to tell me how or when to 
do it.
 
Note* direct observation confirms the interviewee’s response.
 
3. Interviewer: Is a job aid (e.g., checklist, data sheet) for completing the task visibly located in 
the task area?
Interviewee: Yes, we have a visual available which includes all steps listed to complete the task.
 
Note * direct observation indicates there is in fact a visual present in the area appropriate to 
where this task is completed.
 
4. Interviewer: Is Brian ever verbally, textually, or electronically reminded to complete the 
task?
Interviewee: Yes
 
5. Interviewer: Is the task being performed in an environment well-suited for task completion 
(e.g., not noisy, or crowded?)
Interviewee: Yes – typically this task is completed in the back, where there are no customers 
and only a few staff members.
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The third section of the PDC-HS is related to Resources, Materials and, Processes.
 
Resources, Materials, and Processes
1. Interviewer: Are there sufficient numbers of trained staff available (who are able to complete 
the task to satisfaction) in the program?
Interviewee: Yes
 
2. Interviewer: If materials (e.g., teaching stimuli, preferred items), are required for task 
completion, are they readily available (e.g., easy to find, nearby)? If no materials are required, 
proceed to question 5.
Interviewee: Not necessarily, admittedly, because there are so many staff who use the pricing 
materials, they do tend to go missing from time to time.

Follow-up:
Interviewer: Please list the materials required, and indicate their availability:
Interviewee: Markers – these are typically easy to find, and price tags – these are more difficult 
to find but we have them located in every room.

3. Interviewer: Are the materials necessary to complete the task well designed for their intended
purpose?
Interviewee: Yes

Note * direct observation indicated this is true.

4. Interviewer: Are the materials necessary to complete the task well organized for their 
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intended purpose?
Interviewee: Yes – although they do go missing every so often, the staff are good to keep 
markers and price tags together which makes it easy to complete the task of tagging items

Note * direct observation confirms this statement.

5. Interviewer: Can the task be completed without first completing other tasks? If not, indicate 
below the tasks that must be completed first.
Interviewee: Yes

6. [Question not applicable]
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The fourth section of the PDC-HS is related to "Performance Consequences, Effort, 
and Competition."
Performance Consequences, Effort and Consequences
1. Interviewer: Is Brian ever directly monitored by a supervisor? If so, indicate the frequency of 
monitoring
Interviewee: Yes – typically once a week I try to make sure I am able to watch him. However, 
typically I provide supervision on the floor where he is bagging groceries.

2. Interviewer: Does Brian every receive feedback about the performance? If yes, indicate 
below.
Interviewee: He receives feedback on some tasks but rarely about price tagging.

Follow up:
Interviewer: Has Brian ever received feedback about his price tagging?
Interviewee: Not to my knowledge…

3. Interviewer: Does Brian ever see the effects of accurate task completion? If yes, how?
Interviewee: No… once he finishes tagging, someone else actually puts them on the items. So 
he never sees the finished product.

4. Interviewer: Is the task simple or does it involve relatively low response effort?
Interviewee: I think for Brian it requires a lot of response effort. For some staff, it's easy.

5. Interviewer: Does the task generally take precedence over other potentially competing tasks? 
If not, indicate these competing tasks below.
Interviewee: No, like I said, Brian also helps us bag groceries, and if the store is busy that is the 
primary objective. But I would like to be able to have him focus more on price tagging if he got 
better at doing it!
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Graphed PDC-HS Responses

Results of the PDC-HS completed by Matthew, regarding Brian’s price-tagging behavior.
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Note 
Control group participants end here and proceed to outcome question. Refinement group 
participants proceed to use the refinements

A cut-off score for the PDC-HS has been identified. Any categories that meet or exceed the 
cut-off score should be considered concerning, or potentially in-need of intervention. Any 
scores that are below the cut-off score can be disregarded. The identified cut-off score is 
50%. 

Below, you will see a graph of the PDC-HS outcomes associated with your assigned 
scenario. The cut-off score is visually displayed on your graph. 
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A decision-making model has been developed for the categories in your scenario that meet 
or exceed the cut-off score level.

Review the decision-making model below and use the information provided in the scenario 
and assessment to answer the questions.

Note
All participants complete this same outcome question:

Based on review of your scenario and graphed outcomes, select the category that you think 
should be intervened upon (choose all that apply).
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